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Application of artificial intelligence in the

Hajar Moghadas*

Assistant Professor detection of circulating tumor cell
Hamid Pakbaz
MSc Student, Abstract: The detection of circulating cancer cells in the blood as a valuable
Faculty of Mechanical minimally invasive biomarker has revolutionized cancer management. This paper
Engineering, provides a comprehensive review of the applications of artificial intelligence in the

Yasouj University, Yasouj

automatic identification and enumeration of circulating cancer cells in the real blood

samples. By reviewing previous studies, the advantages, such as high speed and
accuracy, and the disadvantages, such as strong dependence on the volume and quality
of training data in each method, are analyzed. The findings show that the performance
of artificial intelligence models is significantly dependent on the quality of images,
and also their training process is often time-consuming. To overcome this challenge,
solutions such as data preprocessing, artificial data augmentation techniques, and the
use of feedback loops are proposed. Despite the promising results obtained from
previous research to apply this method in real clinical settings, there remains an urgent
need to develop more general, robust, and less dependent on large data sets as the main

need of this research area.
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